
Whitepaper

Why You Struggle to  
Scale AI—While Other BFSI 
Organizations Move Ahead
How banks and insurers use modern  
data governance to build scalable AI



Content

   Executive Summary 	 3

   The Real Problem: Why AI Initiatives Stall in BFSI	 5

   Why Traditional Data Governance Breaks in the AI Era	 8

   What Modern Data Governance Looks Like in Practice	 12

   What Organizations See When Modern Data Governance Works	 18

   Common Concerns, and Why They Persist	 22

   Evidence from BFSI Organizations	 25

   A Practical First Step	 28

   The Leadership Decision	 31

   Move from Insight to Action	 32

2



Executive 
Summary

Many organizations in the banking, financial services, and insurance (BFSI)  
sector are investing heavily in artificial intelligence (AI) to improve efficiency, 
productivity, and decision-making. Yet in practice, a large number of AI initiatives 
stall, underdeliver, or fail altogether. As a result, financial institutions fall behind 
more data-driven competitors, struggle to scale, and see limited return on their 
AI investments.

The reasons often cited are familiar: poor data quality, low AI maturity, or 
insufficient technology. While these issues are real, they rarely represent the core 
problem. In most cases, AI initiatives fail because organizations lack a shared, 
trusted understanding of their data—especially across business lines, products, 
and legal entities common in BFSI environments.

Different teams use the same terms to mean different things. Core concepts  
such as customer, contract, policy, exposure, or lifecycle are interpreted differently 
across departments and systems. Definitions vary across systems, reports 
contradict each other, and data is consumed without clear ownership or context. 

In highly regulated BFSI organizations, this not only limits AI adoption but also 
increases operational risk. AI systems, which depend on consistency and meaning, 
amplify these weaknesses rather than compensating for them.

Traditional data governance approaches were not designed for this reality.  
Built primarily for control and compliance, they tend to be slow, overly technical, 
and disconnected from day-to-day business needs. As a result, business leaders 
often disengage, governance becomes a formality, and initiatives lose momentum 
before delivering measurable value.

AI changes the expectations placed on data. Unlike traditional analytics,  
AI requires clearly defined concepts, machine-readable metadata, and strong 
alignment between business and IT. Without these foundations, even modern  
data platforms cannot deliver reliable or scalable AI outcomes.
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Modern Data Governance addresses this gap by shifting the focus from rigid  
rules to principles, and from control-driven governance to shared understanding. 
Because business teams own the processes that produce data, they must also own 
the conceptual model that describes that data at a high level. IT systems and AI 
models should then be aligned to this business-owned conceptual model, while 
more detailed data definitions remain the responsibility of IT and governance 
functions.
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Based on practical experience across multiple BFSI clients, first tangible 
improvements typically appear within 3–6 months. A sustainable handover to 
internal teams is usually achievable in 12–18 months. 

Early benefits include improved trust in data, faster delivery of data and AI 
initiatives, and clearer alignment across business units—all critical enablers for 
scalable AI in regulated environments.

This whitepaper explains:

•   �Why AI initiatives so often fail in banks  
and insurance companies, despite  
modern platforms and tools

•   �How compliance-driven, outdated 
approaches to data governance  
prevent AI from scaling

•   �What a modern, business-driven approach 
to data governance looks like in a BFSI context

•   �How organizations can improve data trust, 
delivery speed, and AI outcomes while 
meeting regulatory and audit requirements, 
without adding unnecessary complexity
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For organizations that want AI to deliver real business value—and to support 
growth, scalability, and future acquisitions—Modern Data Governance is no longer 
optional. It is a prerequisite.

The Real Problem: 
Why AI Initiatives 
Stall in BFSI
Many banks, insurers, and financial services firms invest heavily in artificial 
intelligence expecting measurable improvements in risk management, customer 
experience, fraud detection, and operational efficiency. Yet in practice, these AI 
efforts often slow down or fail to scale beyond proofs of concept. The surprising 
part is that the issue is rarely the AI models or the platforms themselves. The root 
cause lies deeper: in how data is understood, shared, and governed within the 
organization.
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What This Means for Your Role

•   �CDO: Own the meaning of data before scaling AI.

•   �CIO: Align platforms to business-defined data, not the other way around.

•   �Data Lead: Fix shared definitions before fixing data quality.

•   �AI Lead: AI needs context, not just data.

•   �Data Architect: Start architecture from business concepts, not systems.

•   �CRO/Risk Lead: Ensure AI decisions are based on consistent, well-defined data  
you can explain and defend.

•   �Head of Compliance/Regulatory Lead: Build AI on data that is traceable,  
well-defined, and defensible under regulatory scrutiny.
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In financial services, data is not monolithic. Terms that sound straightforward—such 
as customer, account, policy, exposure, or transaction lifecycle—are interpreted 
differently across lines of business, risk, compliance, and finance. As a result, even 
when datasets exist, they carry inconsistent meaning, scattered definitions, and 
conflicting business context. This ambiguity becomes a liability when AI systems—
which depend on consistent, well-defined inputs—are put into production.

Gartner research shows that if organizations do not address the differences 
between traditional data management and the requirements for AI-ready data, 
they seriously jeopardize AI success. In fact, Gartner predicts that through 2026 
as many as 60% of AI projects will be abandoned because they lack the right data 
foundations required for reliable execution.

This failure is not only technical—it is organizational. Traditional data governance 
approaches were designed for compliance and control. They focused on rules, 
hygiene, and documentation. In BFSI environments—where regulatory reporting, 
auditability, and risk controls already compete for attention—governance often 
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becomes a box-checking exercise, disconnected from broader business priorities 
such as customer value, time-to-market or revenue growth. When governance 
is seen this way, business stakeholders disengage. Projects lose momentum. The 
governance effort becomes an administrative burden that fails to enable anything 
meaningful, let alone scalable AI.

Moreover, AI amplifies data governance weaknesses instead of hiding them. 
Where traditional analytics might tolerate some inconsistency, machine learning 
and advanced AI models require context: structured definitions of entities, clear 
ownership of data domains, consistent lineage, and machine-readable metadata. 
Without these, AI results become unpredictable, non-explainable, or untrustworthy. 
For example, two systems reporting delinquency status can return different 
values for the same customer. An AI model trained on such inconsistent data 
will generate ambiguous or conflicting outputs—exactly the opposite of what the 
business needs to make decisions with confidence.

The governance gap also hides a deeper misconception: many leaders assume 
that investing in data platforms, tools, or master data management systems will fix 
the problem. In reality, technology alone cannot resolve inconsistency in meaning 
or accountability for data—and Gartner’s guidance underlines this. Effective 
governance must be treated as a business capability that connects data behavior 
directly to organizational outcomes, rather than as a technical overlay. 

"Up to 60% of AI projects will be abandoned if organizations 
do not treat data readiness as a core requirement of AI."

For financial institutions, the practical consequences are significant. AI initiatives 
stall, not because the technology isn’t powerful, but because the foundation on  
which they depend—shared meaning and trusted data—is missing or fragmented. 
This leads to rising costs, slower delivery cycles, higher error rates, and reduced ability 
to compete with organizations that have already consolidated their data foundations.

In the next section, we will unpack what makes traditional approaches insufficient 
and outline how a modern, business-aligned approach to data governance 
addresses the root causes identified here, helping financial services firms scale AI 
with control and trust.
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Why Traditional 
Data Governance Breaks 
in the AI Era
Many financial institutions believe that because they “already do data governance,” 
they have the foundation for AI success. In practice, this assumption is often false. 
Traditional data governance frameworks were built for auditability, compliance, 
and control, not for the context-rich requirements of modern AI. This matters 
even more for LLM-based applications, which rely on clear business meaning, 
relationships between concepts, and machine-readable context—not just raw 
data. As a result, governance may exist, but it still fails to provide the foundation 
required for scalable AI.

A finance-focused review of data governance in the age of AI suggests that legacy 
practices are showing their age: designed around structured, human-managed 
data, they struggle with the volume, variability, and velocity of modern AI 
workloads. As a consequence, outdated governance can slow innovation, reduce 
confidence in AI outputs, and limit the scalability of data investments. 

Governance Was Built for Compliance, Not Context

In banks and insurers, traditional governance often focuses on documentation, 
control, and policy enforcement—who owns a dataset, where it is stored, and 
whether it meets regulatory standards. These concerns are valid, especially in 
heavily regulated environments. But AI does not operate on static, compliance–
ready data. It operates on context-rich, evolving information where meaning 
must be explicit, not implied.

In this respect, traditional governance manages data assets but not the semantic 
relationships that AI models consume, such as consistent definitions for customer, 
transaction lifecycle, or risk exposure across systems. Without this context, AI 
outputs can be unreliable, inconsistent, and difficult to defend—particularly 
problematic in BFSI, where decisions have financial and regulatory consequences.
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Static Frameworks Cannot Manage Dynamic Models

Traditional governance assumes that datasets and their definitions are relatively 
stable. But AI systems, especially machine learning models, are dynamic: they 
learn, evolve, and produce different outcomes over time based on incoming data. 
Conventional frameworks break down when applied to AI systems because they 
treat data assets as static, whereas AI models and data flows change continuously. 

Example: A credit scoring model may learn new patterns each month as customer 
behavior evolves. If the underlying definitions of default, exposure, or customer 
segment shift in business units without being reflected in governance, the model’s 
decisions drift from the organization’s legal and business expectations. This erodes 
trust—and in BFSI, trust is not optional.

Governance Often Lives in a Silo

In many organizations, data governance responsibilities are spread across 
compliance teams, IT, and discrete business units. Traditional governance 
programs track data quality, lineage, and policy adherence—but they do not 
ensure a shared understanding of meaning or business context. In contrast, AI 
initiatives cut across risk, finance, product, and customer operations, requiring 
collaboration that traditional models do not inspire or enforce.

A rising body of industry research advocates evolving governance practices to fully 
support the AI model lifecycle, embedding governance into each stage of model 
development and deployment so that context and accountability follow data into 
production systems rather than staying in isolated documentation. 

Traditional Metrics Do Not Measure AI Readiness

Governance effectiveness has historically been measured in terms of:

•   �Completeness of documentation

•   �Compliance adherence rates

•   �Audit trails
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But these metrics do not correlate with AI readiness. For AI, the relevant concerns include:

•   �Consistent definition of core concepts (semantics)

•   �Machine-readable metadata

•   �Lineage that connects data definitions to model inputs and decisions

"Even when organizations do data governance seriously, it still 
doesn’t help AI—because it was never designed to."
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KPMG notes that when governance is treated as a compliance checklist rather 
than a strategic enabler, it introduces friction across data pipelines, reducing 
confidence in data used for AI and slowing progress—not just from a technical 
standpoint but also at the organizational level.

"Without explainability, AI-driven QE, risk models, and refactoring 
pipelines will stall at pilot stages due to governance constraints."

Pablo Cella – Division President and GM, Amdocs
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The Governance Gap Becomes a Business Risk

In BFSI organizations, the consequences of misaligned governance are tangible:

•   �AI models that cannot be explained to risk committees

•   �Predictive systems that contradict compliance reporting

•   �Delays as teams reconcile inconsistent definitions

These are not theoretical issues. They reflect a governance gap that traditional 
frameworks were never designed to close.

Instead of providing shared meaning, old approaches often produce documents 
that someone must interpret—introducing delay, debate, and inconsistency just 
when AI needs clarity and speed.

Why This Matters in BFSI

In financial services, model explainability, risk transparency, and regulatory 
defensibility are non-negotiable. When governance frameworks cannot provide 
consistent definitions, traceable lineage, and shared accountability, AI initiatives 
cost more, take longer, and are less likely to be trusted by business leaders and 
regulators alike.

The insight is clear: Traditional data governance may keep institutions 
compliant—but it does not make data AI-ready.

In the next section, we’ll explore what a modern, business-aligned data 
governance approach looks like—one designed for the context, speed, and 
accountability required by scalable AI in the BFSI world.
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What Modern 
Data Governance Looks 
Like in Practice
Traditional data governance frameworks focused on audit trails and compliance 
checkboxes. Those frameworks matter—especially in financial services—but they 
do not help organizations scale AI or improve business outcomes. In contrast, 
Modern Data Governance aligns governance with the way people actually work 
and the way AI systems actually learn.

At its core, Modern Data Governance is about three things:

1.    �Shared meaning—everyone uses the same definitions across domains

2.   �Business ownership—business units own the meaning; IT supports it

3.   �Operational trust—data is governed in workflows, not just documented

These differences may sound subtle on paper, but in practice they change how AI 
and analytics projects are delivered.

1.  Shared Meaning—One Definition, Many Uses

One of the most common governance failures in BFSI is differing definitions for the 
same concept across teams.

Shared meaning means:

•   �Business leaders agree on key terms (e.g., customer, exposure, policy cycle)

•   �Those definitions are consistently used across systems

•   �Definitions are linked to business context, not just technical tags

This shared meaning forms the organization’s conceptual model, which then 
becomes the foundation for every downstream use case, including AI models, risk 
reporting, and customer analytics.
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Example: A lender defines default differently in collections, risk, and compliance 
reporting systems. Modern governance creates a single, business-owned high-
level definition that is consistent across the organization and usable by data 
platforms and AI pipelines alike.

Where domain-specific nuances are genuinely needed, they can be addressed 
through business rules or more detailed lower-level descriptions. This keeps the 
conceptual foundation unified while preventing the semantic debates that often 
derail projects.

Gartner corroborates this perspective, noting that organizations with strong 
semantic governance—where business meaning is codified and shared—are more 
likely to move AI initiatives into production successfully.

2.  Business Ownership—Not Just IT or Compliance

In traditional governance, ownership often defaults to IT, compliance, or a data 
quality team. Modern Data Governance distributes meaningful ownership to the 
business teams that understand context and value. This does not mean IT steps 
back; rather, business and IT co-own the outcomes.

In practice:

•   �Business units define business concepts

•   IT enables consistent implementation in systems

•   �Governance teams facilitate collaboration, not impose control

This balanced approach accelerates adoption, reduces resistance, and ensures 
governance is grounded in real business decisions rather than abstract policy.

Example: In an insurer, product owners and actuaries collaborate with IT to define 
claim status and claim lifecycle. These definitions are then codified once and used 
consistently in both reporting and AI models.

https://www.gartner.com/en/articles/ai-ready-data


Whitepaper 
Why You Struggle to Scale AI

14

3.  Operational Trust—Governance Embedded in Workflows

Traditional governance often lives in repositories, spreadsheets, or review 
committees. Modern Data Governance embeds governance into workflows so that 
trust is operational—not just theoretical.

Key features:

•   �Machine-readable metadata, so systems know what the data means

•   Contextual lineage, tracing data back to business definitions

•   �Feedback loops, where users and systems update definitions collaboratively

This approach matches how AI systems consume data. AI does not read policy 
documents—it reads metadata. If metadata reflects business context, AI outcomes 
are more explainable and more aligned with decision frameworks. Multiple studies 
show that organizations that embed governance into everyday processes—not just 
documentation—see faster adoption of analytics and AI initiatives and higher user 
trust. For BFSI, where explainability and audit transparency are vital, this can make 
the difference between a stalled pilot and a deployed model.
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The Mechanics of Modern Governance (Without Overload)

It helps to think of Modern Data Governance as operating on three layers:

1.    Conceptual Layer

	 •   Business concepts and relations

	 •   Shared definitions

	 •   �Glossary with context

2.   Integration Layer

	 •   �Alignment of systems and definitions

	 •   Machine-readable metadata

	 •   �Lineage linked to business meaning

3.   Operational Layer

	 •   �Continuous feedback and updates

	 •   Embedded governance in workflows

	 •   �Usage patterns inform refinement

These layers exist in every organization—the difference is how governance 
engages with them. Traditional approaches focus on Conceptual Layer 
documentation. Modern approaches extend governance into Integration and 
Operational Layers, where data is actually used.

AI Success Requires Governance That Enables, Not Restricts

For AI to be reliable, compliance is necessary—but not sufficient. AI systems make 
predictions based on patterns. If governance does not ensure that the data fed 
into those systems has consistent, business-aligned definitions, models will behave 
unpredictably and business leaders will distrust outputs.
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This is the crucial pivot: Modern Data Governance does not compete with 
compliance—it complements it. It ensures that compliance requirements, business 
priorities, and AI needs are aligned, not isolated.

In BFSI, this is essential. Regulators expect traceability and explainability. Business 
leaders expect results. Modern governance lets institutions meet both.

What Change Looks Like on the Ground

For AI to be reliable, compliance is necessary—but not sufficient. AI systems make 
predictions based on patterns. If governance does not ensure that the data fed 
into those systems has consistent, business-aligned definitions, models will behave 
unpredictably and business leaders will distrust outputs.

Instead of:

•   Long approval cycles

•   Debates over meaning after a report is produced

•   �Governance as paperwork

Organizations that adopt Modern Data Governance experience:

•   Faster onboarding of use cases

•   Clear ownership of definitions

•   �Higher trust in data and model outcomes

•   �Reduced friction between business, IT, and analytics teams

"AI does not fail because organizations lack data—it fails because 
they lack a shared understanding of what their data means."
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These are not abstract benefits—they are tangible improvements banks and 
insurers recognize quickly.

In the next section, we will explore proof points and real outcomes from 
organizations that have adopted this approach—including timeframes to value and 
measurable benefits in speed, trust, and collaboration.
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What Organizations 
See When Modern Data 
Governance Works
For BFSI leaders, the most important question is not whether Modern Data 
Governance makes sense in theory, but what actually changes in practice—and 
how quickly. Experience across financial institutions shows that when governance  
is redesigned around shared meaning, business ownership, and operational trust, 
the impact is both visible and measurable.

Importantly, these results do not require years of transformation before value 
appears.

Early Impact: Clarity Before Optimization (3–6 Months)

The first improvements are rarely technical. They are organizational and 
cognitive.

Within the first three to six months, organizations typically observe:

•   Clearer agreement on core business concepts across departments

•   Fewer disputes about definitions in reporting and analytics

•   �Reduced friction between business, IT, and data teams

This early clarity has a direct effect on AI initiatives. Instead of repeatedly revisiting 
assumptions about data meaning, teams can focus on model design, validation, 
and deployment.

Gartner research supports this observation, noting that organizations that 
establish strong semantic foundations and business-aligned data governance 
reach production AI outcomes faster than those that focus primarily on tooling  
and infrastructure.

https://www.gartner.com/en/articles/ai-ready-data
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Operational Impact: Faster Delivery and Fewer Rework Cycles

As governance becomes embedded into daily workflows, BFSI organizations see 
tangible operational benefits:

•   Faster onboarding of new AI and analytics use cases

•   Fewer manual corrections and reconciliation efforts

•   �Clearer accountability for data used in decision-making

In one BFSI case, aligning a new data platform to shared business definitions 
shortened delivery timelines by several months. Not because the technology 
changed, but because teams no longer had to resolve semantic disagreements 
mid-project.

MIT Sloan research highlights a similar pattern: organizations that align data 
governance with how data is actually used—rather than how it is documented—
reduce delivery delays and improve reuse across analytics and AI initiatives.

Trust and Explainability: Critical for BFSI

In regulated environments, trust is not an abstract concept. It determines whether 
AI outputs can be used in:

•   Credit and underwriting decisions

•   Fraud detection and investigation

•   �Customer treatment and compliance reviews

When governance ensures consistent definitions, lineage linked to business 
meaning, and clear ownership, AI outcomes become easier to explain and defend. 
This reduces escalation cycles with risk and compliance teams and increases 
confidence among senior leaders.

Trust in analytics and AI grows when governance is visible in outcomes—not just 
policies—enabling leaders to rely on data-driven decisions without constant 
qualification.

https://mitsloan.mit.edu/ideas-made-to-matter/how-to-navigate-age-agentic-ai
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Sustained Impact: Ownership and Scalability (12–18 Months)

The most durable benefit appears when governance is fully handed over to 
internal teams. Organizations that treat Modern Data Governance as a capability, 
not a project, typically achieve:

•   Stable business ownership of data concepts

•   Governance practices that evolve with new AI use cases

•   Reduced dependence on external intervention

Based on practical experience, this transition is usually achievable within 12–18 
months, provided leadership supports the shift and business engagement remains 
active.

At this stage, governance no longer slows initiatives. It becomes the shared 
reference that allows AI, analytics, and reporting to scale across domains—
including during mergers, acquisitions, and platform modernization.

What Improves—and What Does Not

It is important to be precise about outcomes.

Modern Data Governance does:

•   Improve trust in data and AI outputs

•   Reduce delivery friction and rework

•   Support explainability and regulatory defensibility

•   Accelerate AI initiatives

It does not:

•   Eliminate the need for strong data platforms

•   Remove regulatory obligations

•   Replace sound engineering practices
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Instead, it aligns these elements around shared meaning and accountability—the 
foundation AI depends on.

"The biggest change is not the technology—it’s that teams finally 
stop arguing about what the data means and start using it."

"GenAI becomes governed intelligence: explainable, orchestrated, 
and trusted enough to sit at the core of regulated financial 
operations."

In the next section, we will address common concerns and risks—and explain why 
many organizations hesitate to act, even when the benefits are clear.

Pablo Cella – Division President and GM, Amdocs
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Common Concerns, 
and Why They Persist
If the case for Modern Data Governance is clear, why do so many BFSI 
organizations hesitate to act?

The concerns are understandable—and often rooted in past experience.

"We’ve tried governance before. It didn’t work."

Many institutions have attempted conceptual modeling or governance programs in 
the past. These efforts often failed because they were:

•   Too technical

•   Too detached from business priorities

•   Or too focused on documentation instead of usage

The lesson is not that governance does not work. It is that governance without 
business ownership and operational integration does not work.

"This sounds like a large transformation."

In regulated financial environments, large-scale change is risky. Leaders fear 
disruption, long timelines, and consultant-heavy programs that deliver little visible 
value.

Modern Data Governance does not require a “big bang.” Early improvements—
especially alignment on key business concepts—typically appear within months. 
The approach is iterative and domain-focused, not enterprise-wide overnight.
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"We already invested in a data platform."

This is one of the most common assumptions: that the right platform will solve 
governance challenges.

Technology enables scale. It does not create shared meaning. Without consistent 
definitions and business ownership, even the most advanced platform will inherit 
fragmentation from legacy systems.

Gartner repeatedly emphasizes that AI success depends not only on infrastructure, 
but on the quality, consistency, and contextual alignment of data feeding AI 
systems. Platforms amplify governance strengths—and weaknesses.

"Our business is already overloaded. IT should define the data."

This concern is understandable. In many BFSI organizations, business teams 
already carry significant operational and regulatory responsibilities, and leaders 
worry that shared data definitions would create another layer of work.

A well-designed governance approach avoids that. Business input is collected 
efficiently through targeted workshops, proven starting points, predefined sets of 
common definitions, and focused questioning that helps teams articulate meaning 
without lengthy discussions. This significantly reduces the time required from 
business experts.

IT can document and implement definitions, but it cannot define business meaning 
without business involvement. The objective is not to burden the business, but to 
capture its knowledge with as little disruption as possible.

"Will this add complexity?"

Poorly designed governance adds friction. Modern governance removes repeated 
debates and unclear accountability.

https://www.gartner.com/en/newsroom/press-releases/2025-02-26-lack-of-ai-ready-data-puts-ai-projects-at-risk
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In practice, organizations experience less complexity over time because:

•   Definitions are clarified once, not repeatedly negotiated

•   Ownership is explicit

•   Data usage becomes more predictable

The goal is not more rules. It is fewer misunderstandings.

The Underestimated Factor

Across BFSI organizations, one factor is consistently underestimated: the necessity 
of business engagement. Data governance cannot succeed as an IT-only initiative. 
Nor can it be delegated entirely to compliance. Business leaders must own the 
meaning of their data. When they do, governance shifts from administrative 
overhead to strategic enabler. This is not a technical shift. It is a leadership decision.

In the final section, we outline a practical and low-risk first step organizations can 
take to assess their current position and move forward with confidence.
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Evidence from 
BFSI Organizations
The shift from traditional to modern data governance is not theoretical. It has been 
tested in regulated financial environments where data complexity, compliance 
pressure, and cross-domain fragmentation are the norm.

The following examples illustrate how the approach described in this paper 
translates into practice.

Case Study 1:  Reinsurance Organization

Starting Situation

The organization operated in a highly specialized reinsurance environment with 
complex contracts and underwriting processes.

A data assessment revealed that the existing data landscape could not scale to 
support growth or a modern data platform. Definitions were inconsistent across 
domains, and governance activities were fragmented.

AI ambitions were present, but foundational alignment was missing.

What Changed

The organization introduced a business-owned conceptual model as a shared 
reference across underwriting, finance, and claims. 

Regular cross-functional sessions increased data literacy and clarified ownership 
of key concepts. Governance was repositioned from documentation exercise to 
operational enabler.
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What Happened in Practice

•   The first usable version of the conceptual model was operational within months

•   �Major implementation programs—including a new underwriting workbench and data 
platform—aligned to the shared definitions

•   Business leaders began actively requesting inclusion of additional domains

The most visible shift was not technological. It was organizational. Business 
stakeholders recognized the conceptual model as their tool for managing data 
meaning—not an IT artifact.

Case Study 2:  Mid-Sized Organization

Starting Situation

The organization faced low trust in reporting and inconsistent interpretation of 
core business concepts across multiple business domains. AI and analytics initiatives 
struggled because departments interpreted terms differently, particularly in areas 
such as policy lifecycle, customer segmentation, and operational metrics.

Although governance artifacts existed, they were not actively used as shared 
references across teams.

What Changed

A structured, domain-by-domain conceptual alignment effort was launched, 
supported by regular cross-functional sessions across the organization. Business 
leaders defined and agreed on core concepts and relationships, while IT aligned 
systems accordingly. Governance was embedded into everyday collaboration 
rather than positioned as a standalone program.

What Happened in Practice

•   �Agreement on previously disputed definitions improved reporting clarity

•   �Business engagement increased significantly, particularly in operations and  
commercial functions

•   The new data platform was aligned to shared definitions from the outset
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Early benefits appeared within three to six months, primarily in improved cross-
department understanding. Over time, governance ownership transitioned to 
internal teams, reducing dependency on external support.

Cross-Client Observations

Across BFSI organizations, similar patterns emerged:

•   �Shared definitions reduce friction immediately 
Alignment on meaning removes repeated debates and accelerates initiatives

•   �Business engagement determines sustainability 
Governance initiatives without active business ownership lose momentum.

•   �Value appears before full maturity 
A complete enterprise model is not required before improvements are visible

•   �Evangelization matters 
Governance succeeds when it is understood and adopted—not merely approved

In each case, the most significant change was not the introduction of new tools, 
but the establishment of shared meaning and accountable ownership. Technology 
scaled more effectively once this foundation was in place.
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A Practical 
First Step
Understanding the problem is important. Acting on it requires clarity. For many 
BFSI organizations, the challenge is not knowing whether governance needs to 
evolve, but knowing where to begin without creating disruption.

A practical starting point is an independent Data Landscape Assessment.

What a Data Landscape Assessment Provides

Rather than launching a large-scale transformation, the assessment offers:

•   �A structured evaluation of the current data landscape

•   �Identification of semantic inconsistencies across domains

•   Review of governance maturity relative to AI requirements

•   Comparison with recognized market practices and industry guidance

•   Clear, prioritized recommendations

The goal is not to produce another report. It is to provide leadership with a fact-
based view of where governance supports AI—and where it does not.

Why This Step Matters in BFSI

Financial institutions operate under regulatory, operational, and reputational 
pressure. Any change must be measured.

An assessment:

•   �Reduces uncertainty before investment decisions

•   �Aligns leadership around shared facts

•   Avoids assumptions about platform or governance maturity

•   Highlights areas where quick improvements are possible
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In practice, organizations often discover that:

•   �Some domains are closer to AI readiness than expected

•   �Others require focused alignment before scaling initiatives

•   Business engagement levels directly influence governance sustainability

This clarity allows leadership teams to prioritize realistically.

Scope and Effort

Depending on size and complexity, a Data Landscape Assessment typically takes:

•   �10–200 mandays

•   �Focused interviews across business and IT

•   Review of selected domains and data flows

•   Structured benchmarking against industry guidance

It is collaborative. It does not replace internal expertise. It provides an external, 
structured perspective grounded in experience.
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What Happens Next

After the assessment, leadership can make informed decisions:

•   �Launch a focused pilot in one domain

•   �Establish shared definitions for critical concepts

•   Align a new data platform to business-owned semantics

•   Strengthen governance practices that directly support AI

The approach is iterative. It avoids large upfront commitments. It emphasizes 
measurable progress.
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The Leadership 
Decision
AI initiatives will continue to expand across BFSI. The question is not whether  
AI will influence your organization—it already does. The question is whether the 
data foundation beneath it is designed to support scale, trust, and regulatory 
defensibility.

Modern Data Governance is not about adding layers of control. It is about creating 
shared understanding and accountability so that AI can operate reliably.

The first step is not a transformation. It is clarity.

If you would like to assess your organization’s readiness for scalable, explainable  
AI, a structured Data Landscape Assessment provides a practical and low-risk 
starting point.



Move from 
Insight to Action
AI initiatives do not fail because of a lack of ambition. They stall when the data 
foundation beneath them cannot support scale, consistency, and explainability. 
If your organization is evaluating how to accelerate AI responsibly—without 
increasing risk or complexity—the first step is clarity.

Data Landscape Assessment

A structured, independent review designed to help BFSI organizations understand:

•   �Where data governance supports AI—and where it does not

•   �Which domains are closest to scalable AI adoption

•   Where semantic inconsistencies create delivery friction

•   How governance maturity compares to industry guidance

•   What practical, prioritized steps can move the organization forward

This is not a transformation program. It is a fact-based foundation for informed 
leadership decisions.

Typical Scope

•   �10–200 mandays (depending on size and complexity)

•   �Cross-functional interviews (business + IT)

•   Domain-focused analysis

•   Executive-level recommendations

The outcome is clarity—not obligation.

Start the Conversation
Explore your organization’s readiness 
for scalable, explainable AI. Schedule 
a session with the data governance 
expert.

Tomas Rezek
Software Engineering Manager 
at Amdocs
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